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1. INTRODUCTION

Many studies have documented a large discrepancy between
air quality model results and summertime measurements of
particle-phase organic mass (OM).1�9 Every approach for clos-
ing the gap between models and measurements has increased
model estimates of secondary organic aerosol (SOA) by raising
the stoichimetric yields,1,10�13 augmenting the list of volatile organic
compoundprecursors that formSOAvia gas-phaseoxidation,1,11,13�15

simulating SOA formation in clouds and aqueous droplets,11,16�19

introducing a new class of SOA precursors [i.e., intermediate volatility
organic compounds (IVOCs)] to models,12,20,21 or parametrizing
oxidative aging of OM to reduce its volatility.1,12,21�26 In the vast
majority of modeling studies, results are evaluated against only
the total OM or organic carbon (OC) concentrations. Such bulk
comparisons are a useful starting point but insufficient for assessing
the accuracy of model estimates. A few model evaluation studies
have used additional observational constraints such as source-
specific tracers of primary organic aerosol (POA);8,27�29 precursor-
specific tracers of SOA;30,31 isotopic measurements that distinguish
fossil-fuel carbon from contemporary carbon;8,32�34 spectrometric
measurements that subdivide OM into hydrocarbon-like, oxyge-
nated, and biomass burning organic factors;22,30,35,36 and ratios of
OM to carbon monoxide.22

One very useful constraint that has received little attention in
model performance evaluations is the organic mass-to-carbon
ratio (OM/OC). This ratio indicates the extent to which OC has
been oxidized,37,38 and that extent is governed by the emission source
or gas-phase precursor from which the OC originated31,39,40 and
the subsequent chemical transformations that OC undergoes in
the atmosphere (e.g., oxidative aging).20,41,42 EvaluatingOM/OC

ratios in models is especially important given that the noncarbon
organic mass (NCOM � OM � OC) and OC each make up a
substantial portion of fine-particulate mass (PM2.5). An accurate
representation of OM/OC in models may also improve our
estimation of particle properties such as hygroscopicity, volatility,
light extinction, and reactivity.

Three major obstacles have prevented the widespread use of
OM/OC ratios in model evaluations. First, routine monitoring
networks generally measure OC43�45 and only a few specialized
techniques measure OM.46,47 Thus ambient measurements of
the OM/OC ratio are scarce. Second, most models do not calcu-
late the concentrations of both OM and OC, so the modeled
OM/OC ratios are unavailable (except in refs 22, 48, 49). Third,
the atmospheric processes by which OC is oxidized are poorly
understood. They may include heterogeneous reactions of oxi-
dants on particle surfaces,41,50,51 gas-phase oxidation of semivola-
tile OC followed by condensation to the particle phase,21,22,25,26

and condensed-phase reactions involving aqueous chemistry and
oligomerization.18,19,52,53

Numerous advances in recent years allow us to break through
all three obstacles and conduct the first large-scale evaluation of
air quality model results against observational estimates of OM/
OC. In this study, we refine the USNational Emissions Inventory
(NEI) and advance the Community Multiscale Air Quality
(CMAQ )model to simulate OM/OC ratios across the US during
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ABSTRACT: Modeled ratios of organic mass to organic carbon (OM/OC) and
oxygen to carbon (nO/nC) in organic particulatematter are presented across theUS
for the first time and evaluated extensively against ambient measurements. The
base model configuration systematically underestimates OM/OC ratios during
winter and summer months. Model performance is greatly improved by applying
source-specific OM/OC ratios to the primary organic aerosol (POA) emissions
and incorporating a new parametrization to simulate oxidative aging of POA in the
atmosphere. These model improvements enable simulation of urban-scale gradi-
ents in OM/OC with values in urban areas as much as 0.4 lower than in the
surrounding regions. Modeled OM/OC and nO/nC ratios in January range from
1.4 to 2.0 and 0.2 to 0.6, respectively. In July, modeled OM/OC and nO/nC ratios
range from 1.4 to 2.2 and 0.2 to 0.8, respectively. Improved model performance
during winter is attributed entirely to our application of source-specific OM/OC
ratios to the inventory. During summer, our treatment of oxidative aging also contributes to improved performance. Advancements
described in this paper are codified in the latest public release of the Community Multiscale Air Quality model, CMAQv5.0.
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a summer andwintermonth.We evaluate ourmodel results against
observational estimates from the Interagency Monitoring of Pro-
tected Visual Environments (IMPROVE) ambient network.54

Advancements discussed in this paper are codified in the newest
release of CMAQ, version 5.0 (www.cmaq-model.org).

2. MATERIALS AND METHODS

2.1. Base Model Description (CMAQv4.7.1). The treatment
of OM/OC ratios in primary PM2.5 is grossly simplified in most
photochemical models. For example, in versions of CMAQ that
precede version 5.0, total POA mass is not explicitly modeled.
Instead, primary organic carbon (POC) is emitted and trans-
ported while the remaining noncarbon portion of POA is lumped
with other unspeciated material.3 As a result of this lumping,
earlier versions of the CMAQ model could not simulate varia-
tions in the OM/OC ratio of POA from different source types.
Furthermore, the effect of oxidative aging on OM/OC was
approximated crudely during the postprocessing of CMAQ results
(see eq 2 of ref 55). POA in CMAQ is treated as nonvolatile. The
SOA treatment in CMAQ is explained elsewhere,1 so only a brief
description is provided here. CMAQv4.7.1, which is the base
version used in this study, allows three biogenic and four
anthropogenic VOC classes to form a variety of semivolatile
and nonvolatile products after reacting with gas-phase oxi-
dants. In addition, nonvolatile SOA can be formed via aqueous-
phase oxidation of glyoxal and methylglyoxal or oligomeriza-
tion of semivolatile SOA. In total, 19 separate SOA types are
formed and tracked. The OM/OC ratio of each SOA species is
given in Table 1 of ref 1, from which the modeled concentra-
tions of SOA can be disaggregated easily into OC and NCOM.
Throughout this study, the treatment of SOA is identical to
that described in ref 1.
2.2. Revised Emissions Sensitivity. In this study, a modified

version of CMAQv4.7.1 is created to allow the explicit tracking of
any NCOM associated with POC (PNCOM). In our first
sensitivity run, hereafter referred to as the “revised emissions
simulation”, PNCOM emissions are computed according to
source type (0.25 � POC from mobile sources, 0.7 � POC
from all sources of biomass burning, and 0.4 � POC from all
other sources). These coefficients are obtained from a literature
review described in section S3.7.3 of ref 40. Physical processes,
such as transport, coagulation, and deposition are applied
identically to PNCOM and POC.
2.3. Simulation of POA Aging. A second sensitivity scenario,

the “POA aging simulation”, includes both the revised emissions
treatment described above and a parametrization to simulate
oxidative aging of POA in the atmosphere. We simulate POA

aging as a second-order heterogeneous reaction between reduced
primary organic carbon (POCR) and gas-phase hydroxyl radi-
cals, producing PNCOM as shown in reaction 1. Note that
PNCOM is attached to the primary carbon but itself can be either
primary or secondary in nature.

POCR þ OH sf
kOH, ef f

POCO þ OH þ PNCOM

ðreaction1Þ

In reaction 1, POCO represents oxidized POC, and kOH,eff is an
effective rate constant described below. By design, POA that is
already highly oxidized (e.g., POA emitted from forest fires) ages
at a slower rate than POA that is reduced (e.g., diesel exhaust).
Note that OH is not consumed by reaction 1. This is consistent
with previous updates to CMAQ, in which we purposefully
prohibited reactions with highly uncertain emissions and/or
reaction rates (e.g., sesquiterpenes) from consuming oxidants so
that the least certain aspects of aerosol chemistry would not
affect CMAQ predictions of ozone.1 With reaction 1 we
intended to approximate the net result of a multistep process
that is the subject of ongoing investigation. The steps are not
fully understood, but they likely include volatilization of POA,
gas-phase and heterogeneous oxidation, deposition of some gas-
phase material and its oxidation products to the surface, and
recondensation of the low vapor-pressure products that remain
airborne.20

Actual and effective rate constants have been measured for
various POA tracer compounds,56,57 a POA surrogate
compound,58 and for bulk POA57 (Table 1). The rate con-
stants span a very wide range [(0.04�6.2) � 10�11 cm3

molec�1 s�1], which can be substantially narrowed by only
considering tests conducted above 20% relative humidity,
because the drier conditions are of limited relevance in
photochemical modeling applications. From this narrower
range of values [(0.04�0.7)� 10�11], we choose for CMAQ
an intermediate kOH,eff = 0.25 � 10�11. We found no experi-
mental data to warrant a temperature or pressure dependence
of kOH,eff. As seen in Table 1, the kOH,eff value selected here is
slower than kOH rates applied when aging gas-phase organic
compounds in the volatility basis set (VBS) framework of
other models: (0.4�4) � 10�11.12,22,25,26,36,49,59 This is
discussed in section 4.
For implementation of reaction 1 in CMAQ, we define

moles of POCR (nPOCR) by subtracting the moles of oxy-
gen in PNCOM (nPNCOMO

) from the moles of POC (nPOC).

nPOCR � nPOC � nPNCOMO ð1Þ

Table 1. Summary of Measured and Modeled kOH Values for POA Aging

type of study POCR tracer or surrogate kOH,eff � 1011 (cm3 molec‑1 s‑1) relative humidity (%) reference

laboratory measurements bis(2-ethylhexyl) sebacate 0.25a 30�60 58

POA tracer compounds 0.04�0.7 75 56

POA tracer compounds 0.5�3.4 10 57

POA tracer compounds 0.3�6.2 10 57

bulk motor oil POA 0.6 10 57

bulk diesel POA 1.6 10 57

numerical modeling POCR 0.25 all this study

semivolatile and IVOC 0.4�4.0 all 23, 24, 59
aActual rate constant reported as 7.6 � 107 atm�1 s�1 and converted to cm3 molec�1 s�1, assuming standard temperature and pressure.
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In the remainder of this paper, variables in the form of nX are
in molar units and all other variables (e.g., OM, OC, NCOM,
POA) represent mass concentrations. To apply eq 1 and
incorporate reaction 1 into CMAQ, we need to make some
assumptions for calculating nPNCOMO

. First, we assume that
NCOM is comprised entirely of oxygen and hydrogen.

OM ¼ nH þ 16nO þ 12nC ð2Þ

This assumption ignores the NCOM contributions from
nitrogen, sulfur, and other heteroatoms, but that is expected
to have negligible impact on our results. Average ratios of
nN/nC in ambient OM are less than 0.0246 and other elements
also contribute small fractions to OM.60,61

Second, we assume a linear relationship between the hydrogen-
to-carbon ratio (nH/nC) and the oxygen-to-carbon ratio (nO/nC)
within POA.

nO
nC

þ nH
nC

¼ 2 ð3Þ

Heald et al.37 derived this empirical relationship from
laboratory and field measurements of various OM types,
including POA, SOA, and total ambient OM at near-source
and remote locations. Note that the limits of eq 3 can be inter-
preted physically. When nO/nC = 0 and nH/nC = 2, the
OM is composed of very large alkanes. The other extreme
(nH/nC = 0 and nO/nC = 2) places all carbon in large
esterified polyketones or carbon dioxide.
Combining eqs 2 and 3 yields a relationship between NCOM

and nO,

nO¼ NCOM

16þ nH
nO

ð4aÞ

In which

nH
nO

¼
44
12

�OM
OC

OM
OC

� 14
12

ð4bÞ

These equations are derived in the Supporting Information.

In CMAQ , we apply eq 4 only to POA and set limits on
nPNCOMO

to avoid a negative value of nH/nO.

nPNCOMO ¼

0 if
POA
POC

e
14
12

PNCOM

16 þ nPNCOMH

nPNCOMO

if
14
12

<
POA
POC

<
44
12

PNCOM
16

if
44
12

e
POA
POC

8>>>>>>>>><
>>>>>>>>>:

ð5aÞ

nPNCOMH

nPNCOMO

¼
44
12

� POA
POC

POA
POC

� 14
12

ð5bÞ

Recent work suggests that laboratory SOA may follow a shal-
lower slope than the line defined by eq 3.62 When coupled with
the fact that eq 3 was derived from all types of OM, it is
conceivable that POA follows a steeper slope, but that is currently
too speculative to parametrize in CMAQ. In practice, POA/POC
will remain much smaller than 44/12 in CMAQ because reaction
1 stops when nPNCOMO

/nPOC = 1 (see eq 1).
A physiochemical interpretation of eq 3 is that every two

oxidation reactions, on average, result in the conversion of a
methyl group (�CH3) into a carboxylic acid group (�COOH).37

Therefore, we assign a molar mass of 15 g/mol to PNCOM
formed through aging in CMAQ, representing a loss of one H
atom and gain of one O atom with each occurrence of reaction 1.
This is modeled as follows:

PNCOMtþΔt ¼ PNCOMt

þ 15nPOCRð1� e�kOH, ef f ðOHÞΔtÞ ð6Þ

2.4. Model Setup. CMAQv4.7.1 and each sensitivity simula-
tion are run for two full-month periods (January and July 2002),
each with a 10 day spinup (Dec 22�31, 2001 and Jun 21�30,
2002). Our model domain covers the entire continental US with
36 km square grid cells and 24 vertical layers. Meteorological
inputs are created using MM5.63 Anthropogenic emissions are ob-
tained from the 2002 NEI,64 which includes a detailed inventory of

Figure 1. (Left) Monthly average OM concentrations (μg/m3) from the base simulation using CMAQv4.7.1. (Middle) The increase in modeled
OM concentrations that result from our emission inventory revisions. (Right) The net OM increase from revising the POA emissions and including
reaction 1.
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wild fires, and biogenic emissions are estimated using BEIS v3.14.1

Boundary conditions for all species except PNCOM are extracted
from a GEOS-CHEM65 global simulation of 2002. Boundary con-
centrations of PNCOM are set uniformly to 0.4 � POC.

3. RESULTS

3.1. Effect on OMand PM2.5. Figure 1 displays the increase in
modeled OM concentrations after applying source-specific OM/
OC ratios to the NEI and POA aging in the CMAQ model.
During winter, most of the OM increase is due to our revised
emissions rather than POA aging. We find enhancements of over
1.5 μg/m3 in many grid cells (see red shading in the upper-
middle subplot of Figure 1). These increases are most pro-
nounced in populated areas (e.g., Northeast and Pacific coastal
states) due to residential wood burning and in the Southeast due
to agricultural and prescribed burning activities in the NEI.40

During summer, we find substantial OM increases in both
sensitivity simulations. Our revised emissions cause 2 μg/m3

enhancements in small areas impacted bywildfires, while the POA
aging reaction increases OM by 0.5 μg/m3 across much broader
regions (see the abundance of dark green shading in the lower-
right subplot compared to the lower-middle subplot of Figure 1).
Although these OM increases will improve the CMAQ under-
estimates of summertime PM2.5 reported previously,

3,55 they will
not resolve the documented underestimation of OC because our
changes predominantly affect only the NCOM concentrations.
3.2. Gridded OM/OC Ratios. Outputs from all CMAQ

simulations are postprocessed to obtain OM/OC ratios in each
grid cell. OM is calculated as the sum of POC, PNCOM, and all
19 SOA species. OC is calculated as the sum of POC plus each
SOA species divided by its own OM/OC ratio.1 In the base
simulations, PNCOM is approximated as 0.2� POC, because it
is not tracked explicitly in CMAQv4.7.1.
Figure 2 shows monthly average OM/OC ratios across the US

during January and July 2002 for the base run and both sensitivity
simulations. In bothmonths, the revised emissions increaseOM/OC
relative to the base simulation, and adding reaction 1 increases those
ratios even further. Moreover, the POA aging simulation exhibits a
stronger urban-to-rural gradient than the other simulations.
Wintertime OM/OC ratios are dominated by POA, so we see

almost no spatial variation in the base run (widespread blue
shading in upper-left subplot of Figure 2). Adding source-specific

NCOM emissions increases OM/OC to at least 1.4 domainwide.
Only in regions where wood smoke is ubiquitous (e.g., the
Southeast) do we see lower OM/OC values in urban areas
(e.g., Atlanta, Charlotte, Birmingham) than in their rural sur-
roundings due to higher urban concentrations of vehicle exhaust
relative to other OM sources. In the winter POA aging simula-
tion, manymore urban areas have lowerOM/OC ratios than their
surroundings (e.g., Los Angeles, Las Vegas, Phoenix, Denver,
Dallas, Houston, Atlanta, Miami, Philadelphia). These appear as
green dots (OM/OC = 1.4�1.6) in a background of yellow
(OM/OC = 1.6�1.8) in the upper-right subplot of Figure 2,
reflecting limited aging of POA close to its sources.
The base July simulation exhibits moderate spatial variability

in OM/OC due to the changing relative abundance of SOA and
POA in different locations. The urban/rural gradient becomes
most pronounced in the July simulation with POA aging (see
lower-right subplot of Figure 2). For instance, the OM/OC ratio
in Los Angeles is about 0.4 less than the surrounding areas versus
a 0.2 difference in the base simulation (compare lower-right and
lower-left subplots of Figure 2). This sharpened gradient is
explained by the time scale of POCR oxidation in reaction 1.
Assuming a summer OH concentration of 5 � 106 molec/cm3,
POCR has a lifetime of 22 h, which is comparable to the transport
of fresh emissions out of an urban area. Turpin and Lim42 were
the first to observe an urban/rural gradient in OM/OC. From
ambient measurements in southern California, they deduce an
average urban OM/OC ratio of 1.6 and a rural ratio of 2.1. Our
July POA aging simulation results in that region match those
values closely. One other study of PM2.5 in New York has since
described urban/rural gradients for OM/OC,66 and our POA
aging simulation results in New York agree well with that study.
The OM/OC values in Figure 2 can be qualitatively compared

with a 2-day model simulation of the northeastern US performed
by previous investigators.48 For August 3�4, 2004, they simu-
lated OM/OC ratios between 1.2 and 1.7. Our July simulation
with POA aging yields OM/OC ratios between 1.6 and 2.0 across
the Northeast. Our results are in better agreement with observa-
tions than the low values modeled previously,48 due to our
improved treatment of PNCOM (see section 3.4).
3.3. Gridded nO/nC and nH/nC Ratios. Although we do not

track organic oxygen and hydrogen concentrations in CMAQ ,
the assumptions made in section 2.3 allow us to convert OM/OC
ratios into elemental ratios, nO/nC and nH/nC, within the modeled

Figure 2. Monthly average OM/OC ratios in the base and sensitivity simulations, calculated as monthly average OM divided bymonthly average OC in
each grid cell. Note that results shown in the right panel include both revised POA emissions and NCOM formation via reaction 1.
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OM (see Supporting Information). Figure S1 (Supporting In-
formation) displays these ratios from all three simulations for
both months. Our modeled ratios can be compared against the
growing body of ambient data collected by high resolution time-
of-flight mass spectrometry (see Table S1, Supporting Infor-
mation). Although the currently available data are rather sparse
(all collected after 2005 and much of them outside our study
domain46,67,68), they are useful for testing some of our model
results. As summarized in Table S1 (Supporting Information), all
measurements of POA and laboratory SOA have nO/nC ratios
less than 0.5, whereas ambient OM measurements fall between
0.3 and 0.7 in freshly emitted plumes and between 0.6 and 1.1 in
aged air masses. CMAQ results are in reasonable agreement with
these data (lower-right subplots of Figure S1, Supporting In-
formation). The POA aging scenario yields nO/nC ratios between
0.3 and 0.5 in January and between 0.4 and 0.8 in July, with
slightly lower values in large urban areas. Modeled nO/nC ratios
in central California (0.5�0.6) generally agree with measure-
ments in that region.69 Model estimates in the Pacific Northwest
(0.4�0.7) are slightly lower than average measured values.69,70

From these limited comparisons, the POA aging scenario gives
more realistic nO/nC estimates than the base simulation. Future
wintertime measurement campaigns should test the latitudinal

nO/nC gradients that are quite pronounced in our model results
(see Figure S1, Supporting Information). It is noteworthy that
nO/nC ratios modeled in Greece by others49 lie between 0.4 and
0.7, which is in the same range as our July POA aging simulation.
Model estimates over Mexico City22 range from 0.2 to 0.3 or 0.5
to 0.6, depending on which assumptions are made in the VBS
framework to simulate IVOC aging. The higher ratios from that
study are in agreement with our July POA aging simulation.
Ambient measurements of nH/nC are not readily available, but

our January and July revised emissions sensitivity simulations are
in agreement with measurements of laboratory POA and SOA
(nH/nC = 1.45�1.9).46,71,72 As expected, the POA aging scenario
yields lower nH/nC values than the base and revised emissions
scenarios.
3.4. Comparison of Modeled OM/OC with Observation

Based Estimates. The model evaluations above provide limited
insight because the measurements of OM/OC, nO/nC, and nH/nC
are so sparse. However, a few recent studies have estimated
OM/OC ratios from ambient measurements at ∼100 IM-
PROVE sites across the US.54,73,74 Of those studies, only one
provides season-specific OM/OC ratios,54 which are most valu-
able for evaluating our CMAQ model results. In that study, the
investigators pooled 7 years of IMPROVE data (2002�2008)

Figure 3. Regional and seasonal evaluation of modeled OM/OC ratios against the observation-based estimates of OM/OC at IMPROVE monitoring
sites. Upper plots compare quarter 1 IMPROVE data (January, February, March 2002�2008) with modeled values from January 2002. Lower plots
compare quarter 3 IMPROVE data (July, August, September 2002�2008) withmodeled values from July 2002. Boxes show the 25th and 75th percentile
values among IMPROVE sites within a given region, with whiskers extending to the 5th and 95th percentile values and horizontal lines depicting the
median value in the given region.
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by quarter and applied sophisticated statistical analyses to esti-
mate quarter-specific OM/OC ratios at each site. We compare
January model results (shown in Figure 2) against the IMPROVE
data from quarter 1 and our July model results against the quarter
3 IMPROVE data.
Model evaluation results are displayed in Figure 3. Due to

uncertainties in the statistical method used to estimate OM/OC
ratios from the ambient measurements (e.g., incomplete char-
acterization of measurement uncertainty, multicolinearity, and
within-season variability),54 we do not conduct the evaluation at
each monitoring site individually, but instead pool the data into
five US regions and look for overlapping interquartile ranges as
the indicator of good model performance. Figure 3 shows that
the base model configuration (CMAQv4.7.1) systematically
underestimates the IMPROVE data, except in the Western
region during winter. Adding NCOM emissions and reaction 1
in CMAQ brings the modeled OM/OC ratios into much better
agreement with the IMPROVE data (compare box plots “I” and
“A” in Figure 3). The summertime model evaluations show this
most clearly (lower half of Figure 3). At the 20 northeastern sites,
for example, the IMPROVE data suggest a median summertime
OM/OC ratio of 1.81, whereas the base model yields only 1.48
and the POA aging scenario gives a ratio of 1.82. A similar
improvement in model performance is found across the other
regions during summer. In the wintertime, our treatment of
NCOM emissions yields substantial improvements in model
performance in theGreat Lakes, Northeast, and Southeast regions
(compare box plots “I” and “E” in the upper-right panels of
Figure 3). The only instances where our model enhancements
seem to degrade model performance are in the Western and
Central regions during winter. The unusually low OM/OC ratios
obtained from the IMPROVE data in those regions (1.29 and
1.32) may be due to uncertainties in the statistical method.54

Previous measurement studies have found higher values in Texas
andArizona (1.6) on an annual average74 and SouthernCalifornia
(1.8�3.0) during winter months.42

The IMPROVE data generally exhibit more within-region
variability than the modeled OM/OC ratios (compare height of
each box in Figure 3). Only part of this large spread in the
IMPROVE data can be attributed to uncertainty inherent in the
statistical method (standard error in OM/OC = (0.1).54 Given

that the IMPROVEmonitors are mostly located in national parks
and wilderness areas, which are typically representative of regions
much larger than a model grid cell, we conclude that our model
results systematically underestimate the spatial variability in rural
OM/OC ratios.

4. DISCUSSION

Results from our POA aging simulation are noticeably im-
proved over the base CMAQ configuration, when compared
against OM/OC and nO/nC ratios from ambient measurements.
One unanswered question is, “How do the new model results
compare against observations of total OM and OC?” Figure 4
shows excellent agreement in January. The average modeled OM
concentration across all IMPROVE sites is 1.45 μg/m3 (OC =
0.88 and NCOM= 0.57 μg/m3), and the IMPROVEOM during
quarter 1 averages to 1.32 μg/m3 (OC = 0.90 and NCOM =
0.42). Figure 4 also shows that the wintertime modeled OM is
almost entirely primary, with SOA and PNCOM from reaction 1
contributing only 0.12 and 0.03 μg/m3, respectively.Without our
model enhancements, the total OC agrees well with observa-
tions, but NCOM is underestimated by a factor of 2 (see the red
line in the left panel of Figure 4). The July results show a very
different picture (right panel of Figure 4). Although the modeled
OM/OC ratio (1.83) matches very well with the IMPROVE data
(1.81), themodeledOC andNCOMconcentrations fall 1.50 and
1.20 μg/m3 short of the IMPROVE data, respectively (compare
bars on the right side of the right panel in Figure 4). This
highlights a major error in photochemical models that persists in
spite of our model enhancements. Closing the gap between
modeled andmeasuredOCwill require an additional 2.70 μg/m3

of OM with an average OM/OC of 1.8. In addition, this would
likelymean that PNCOMwill have substantially less influence on
the total OM/OC ratio than demonstrated by these simulations.

Throughout this study, we model POA as nonvolatile. Recent
work suggests that POA is semivolatile and that oxidation of POA
vapors proceeds substantially faster than the heterogeneous
process modeled here.21 However, Figure 4 suggests that reac-
tion 1 adequately captures the net effect of POAvolatilization, rapid
oxidation of vapors, and recondensation during the winter season.
On the basis of Figures 3 and 4, it is not obvious that a more explicit
treatment of these steps would improvemodel performance during
summer. For example, volatilization of POA would lead to further
underestimation of OC and OM near sources. A faster gas-phase
oxidation rate might cause overestimation of the OM/OC ratio.
While it is possible that the OC and NCOM shortfalls in July are
explained by large sources of IVOCs, which are missing from the
NEI, testing of that hypothesis awaits (1) accurate quantification of
IVOC emissions, (2) incorporation of the revised emissions and
vapor-phase reactivity into models, and (3) extensive evaluation
against ambient measurements of OC and NCOM across multiple
seasons and geographic regions.
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